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4 Load data

Data source location

E
(®) Local data file () Database type

() Remote server

Look In: l[j data

v (@) (@) (] e

3 tmp
| ftitanic_test.csv

| titanic_train.csv

File Mame:

Files of Type: l * mcf* . mb* bt *.csv

v

Q

l Cancel J
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EEXE, AILUE X EHESHHSEECE.

B Load data X
Create data file name  titanic_frain.mtx Preview data Preview the top 100 @ lines 4% Reload
(/] Import the first line as variable name b Passengerld | Survived | Pclass Name | Sex ' Ag

(/] Omit all quotation marks 1 3 Braund, Mr. Owen Harris
(] Check Column Count 2 1 1 Cumings, Mrs. John Bradley (Florence Briggs Thayer) female
|| Delete a line when column count does not match value count at line 1 3 1 3 Heikkinen, Miss. Laina female
[_J Use double quotation marks as escape characters 4 1 1 Futrelle, Mrs. Jacques Heath (Lily May Peel) female
Delimiter ' = 5 0 3 Allen, Mr. William Henry male J
6 0 3 Moran, Mr. James male
Glieas i M 7 0 1 McCarthy, Mr. Timothy J male
Date format yyyyMM/dd Lw) 8 0 3 Palsson, Master. Gosta Leonard male
Time format HH-mm:ss EJ 9 1 3 Johnson, Mrs. Oscar W (Elisabeth Vilhelmina Berg) female
10 1 2 Nasser, Mrs. Nicholas (Adele Achem) female
LSS Sme IO YyyyMM/dd HH:mm:ss I:J 1 1 3 Sandstrom, Miss. Marguerite Rut female
Locale tEnolish @ 12 1 1 Bonnell, Miss. Elizabeth female
13 0 3 Saundercock, Mr. William Henry male
Missing values (bar-separated) | NULLIN/A 14 0 3 Andersson, Mr. Anders Johan male
15 0 3 Vestrom, Miss. Hulda Amanda Adolfina female
16 1 2 Hewlett, Mrs. (Mary D Kingcome) female
17 0 3 Rice, Master. Eugene male
18 1 2 Williams, Mr. Charles Eugene male
19 0 3 Vander Planke, Mrs. Julius (Emelia Maria Vandemoortele) female
20 1 3 Masselmani, Mrs. Fatima female
21 0 2 Fynney, Mr. Joseph J male 4
-« i T
Cancel < Previous Next>




T, TUENTERR BEERAEIRS, | M loaddaa
Lﬁ Import data dictionary | Mote: Unselected variables won't be imported.
Q%%@E%EIUEEM‘@?M ! EE_I'D,{-Q)\%Z}E?—EQEBEO MNO. | Variable name | Type . Dateformat | [f] Select
s N 1 Passengerld Automatic (V]
= i 42 .
é&?&%/ \*nﬁy[ﬂt . 2 Sunvived Automatic v
3 Fclass Automatic V]
4 Mame Automatic v
DateFormat ° s i
Passengerld Identity TRUE 0 6 Age Automatic V]
Survived Binary TRUE 0 7 SibSp Automatic (+/]
Pclass Categorical TRUE 0 3 Parch G T TE v
Name Text FALSE 0 g Ticket Autornatic &
Sex Binary TRUE 0 ,
: 10 Fare Automatic (V]
Age Numerical TRUE 0 » Cab _
SibSp Categorical TRUE 0 = Automatic &
12 Embarked Automatic (]
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4 Datasource pd
Database type X |nect |
Database type [ oK ] »

(») JDBC . . _
() oDBC | Cancel | ;e:J
=

Encryption level [ Plaintext

L

E Datasource

access[Mot connected)

Encryption level lF’Iainte:{t | v]

E}{

Disconnect

Delete

Edit

0 el

Close
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JDBCEUEIR

Datasource *

J General propertiesT Extended prnper‘[ies] 0K ]
Datasource name Database vendor Cancel

orcl| | ORACLE v
Drriver

oracle jdbc.driver.OracleDriver |:J
Datasource URL: Remember to replace the contents in brackets
jdbcioraclethin@127.0.0.1:15210rcl |:J
User Password

Systemn s

Batch size 0 iﬂ

|:| Qualify object with schema |:| Enclose object name in quotes

ODBCEHEIR

ODBC datasource

Datasource name ACCess

QDBC name

Lsername

Password
|| Qualify object with schema

|| Case sensitive

D Enclose abject name in quotes
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BRI LMEREETHNENER, HESQLEDHITEEL

[ Load data

Data source location

E
() Local data file (®) Database type () Remote server

Create data file name ‘ scoreslmb{

J TahIeT Field I Where T Group T Having T Sort T saL ]

[ Load data

Data source location

e
() Local data file (#) Database type

() Remote server

Create data file name scores.mix

[Tame I Field T Where I Group I Having I Sort I scu.}

Available table Selected table

SCORES SCORES

30

Data source lorcl |v] Schema lWN

M

Cancel

SELECT * FROM SCDRES|

Data source [orcl |v] Schema [WN

Cancel
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ENFIELE, B TEIENER
YFAIE :

HirZ=22Survived (EEZERFIR
g) , 129%=, 891%IER.

BaIfET 7 SR BRSBTS
AR,

Model file | titanic_train.pcd E ﬂhﬂudelperfurmance &Ehﬂudelpresentaﬁun ljg’hﬂudelupﬁuns

Data file  titanic_train.mix

L Reload data

Targetvariable

Survived

Set

“F Variable fiter f+  J

MO

L= < R - L & B - T T %

- &
R T = |

Yariable name

Passengerld

Survived
Fclass
Mame

Sex
Age
SibsSp
Parch
Ticket
Fare
Cabin
Embarked

Binary variable
Categorical variable
D
Binary variable
Mumerical variable
Categorical variable
Categorical variable
Categorical variable
Mumerical variable
Categorical variable

Categorical variable

Dateformat | @ Select

NEANEEEERELOREE

Search variable

Import 891 rows, 12 variables

[=3
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j Pie c:h.a.:tT Frequency distributions of grouped target ]

Missing rate | Cardinality

0.224% 4

[ =
mc

W MULL

7T
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[ Pie chart T Frequency distributions of grouped target ]

Categorical variable Sample size

| Positive cases size

Positive cases rate

5 G44
c 168

Q i

P

217
93
30

P

33.696%
55.357%
38.961%

100%

B ERIHHE
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BirZERHETS: pHBMGRITE, pEHBTRITE

Pie chart | Statistics of grouped target I Statistics of grouped target graph

éj\gﬁEdzlj_‘gﬁii_%){%d:izlgj:ﬁéj\*jé{gﬁgﬁ, Categorical variable | Frequency | Average | Standard deviation | Median | Minimum | Maxdimum |

MULL 1369 183452131 80667.145 165000 34900 755000

szﬂ:gﬁ$$$ﬂgzﬁi-|—%o @’?ﬁ : E:Vﬁ)_?_( , Gl 50 122219.08 34780.781 119000 52500 256000

TISE, fREE, A, BIMER

[ Fie chart I Statistics of grouped target T Statistics of grouped target graph

EKIE.

MULL f—— o o

SEERFATE, FRASENRR,
EEMEN T SEEANS TSR, “*4B*
R AT AR A, m_+4ﬂﬂ_

34400 2149325 3949450 574975 755000

KStartvalue 34900 |:J XEndvalue 755000 |:J
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| Descriptive statistics of grouped target ]' Freguency distributions of grouped target
J Descriptive statistics T Frequency distributions
Missing rate | Minimum| Maximum |.Average | Upperquanile| Median | Lower quartile | Standard deviation | Skewness
19.865% 0.42 80.0 29.699 38.0 280 20.0 14.526 0.388
Descriptive statistics of grouped target T Frequency distributions of grouped target
Descriptive statistics I Frequency distributions
140
0.4z 13.683 26.947 40.21 53.473 GE.737 a0
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DEEAEGITR, &
BESE, SR

RIAIFEZLE].

1758, FHAHIE

F AR ERR

RS TE

| Descriptive statistics T Frequency distributions
J Descriptive statistics of grouped target T Frequency distributions of grouped target
| Target=1 | Target=0 | Total
Missing rate 15.205% 22 T69% 19.8365%
Average 28.344 30.626 29.698
Standard deviation 14.951 14172 14 526
Skewness 018 0.584 0.288
Minirmurm 0.42 1.0 0.42
Lower quartile 19.0 21.0 200
Median 28.0 280 28.0
Upper quartile 36.0 39.0 38.0
Maximum a0.0 74.0 80.0
a04
T0.4
. -
; 604
3 &04
1
I 40.4
5
? 304 ~ o
i
coo204
5
104
04 —
1 a

Targetvariable
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BirZER_(E¥S: FHASH

PHEIE S ME, e KERIFAZE
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Descriptive statistics

Frequency distributions

Descriptive statistics of grouped target

Frequency distributions of grouped target

m1EQO

140

100

0.42 13.683 26.947

40.21 53473 BE. 737

a0
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HirZERHETS: BIirZEHXRE

PearsonfBXERE: AT HEIAF N IESL
TEZARZMHEREXRM.

SpearmanktBXREL: HF AR
BELET & 2 [BINERER M,

HERRBHVETERKR, TR ITRE
iNGEPSET 2

Descriptive statistics T Frequency distributions

|

Target variable correlation coefficient T Single factor scatter plot

Fearson | Spearman

0.6234 0.6494

FERFEERAB N Z BRI EREL
A LIEEIME B REVERIE.
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BRI T:

These observations from 891 unique ID. Since the number of unique Id is equal to the

number of observations, time sensitive information can not be studied using this data set.

Variables that have all “empty* value are not exist.

Variables that have more than 99% of missing values are not exist.

Variables that have missing values between 95% and 99

% are not exist.

Table 1 Missingness Analysis
Missing Percentage | Number of Variables | % of All Numerical
Variables
100% 0 0%

99% to 100% 0 0%

95% to 99% 0 0%

90% to 95% 0 0%

80% to 90% 0 0%
70% to 80% 0 0%
60% to 70% 0 0%
50% to 60% 0 0%
30% to 50% 0 0%
10% to 30% 1 20%

Below10% 4 80%

The highly positive skewness (with skewness > 10) numerical variables are not exist.

The highly negative skewness (with skewness < -10) numerical variables are not exist.

Table 2 Skewness of Numerical Variables

Skewness Range

| Number of Variables |

% of All Numerical

Table 2 Skewness of Numerical Variables

Skewness Range Number of Variables | % of All Numerical
Variables

10+ 0 0%
5to 10 0 0%
2t05 3 60%
l1to2 0 0%
-ltol 2 40%
-2to -1 0 0%
-5to-2 0 0%
-10to -5 0 0%
-10- 0 0%

Total 5 100%

The calculation of cardinality includes missing category.

Name, TicketSurvived,Pclass,Sex.Embarked.

All categorical variables with cardinality over 512 are Name, Ticket.

The following categorical variables have cell frequency less than 100:
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Build model =
K

IMFLY start checking data and categorncal Conversion. A

[2020-02-09 10:14:58]
IMFQ: Time for checking data and categorical conversion: 109 milliseconds

[2020-02-09 10:14:58]
INFO: Start preparing.

[2020-02-00 10:14:58]
INFOQ: Modeling data preparing...10%

[2020-02-08 10:14:59]
INFO: Modeling data preparing.. . 20%

[2020-02-09 10:14:59]
INFO: Modeling data preparing...20%

[2020-02-08 10:14:59]
INFO: Modeling data preparing...40%

5

E‘u’iewlog EJ Export report ;‘-:E,' Maodel presentation [H_H Model performance ﬁ Open model directory
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ERERFULSHERRS, Wi 7 ERIT THRERIE, SRoRBUT:

Number of categories: 3

. . . The variable fills the missing value by using the yimming intelligent filling algorithm.
Target variable: Survived, ID variable: Passengerld.

) \ There are 3 categories are merged because of low frequency.
The number of fields before pretreatment: 12, the number of fields after pretreatment: 11. ] o ]
. o Generation Category Derivative Variables: BI Pclass 1, BI Pclass 2
The number of fields with missing values before pretreatment: 3 and the number of fields - - - -

. - Variable name: Sex. The type is Binary variables
with missing values after pretreatment: 0. ’

. Number of categories: 2
Total rows of data: 891, where deleted rows due to missing target: 0.

The variable fills the missing value by using the yimming intelligent filling algorithm.

Variable selection table There are 2 categories are merged because of low frequency.
Number of Number not Total number Generation Category Derivative Variables: BI Sex 1
L varian] selections selected Variable name: Age. The type is Numerical variables
All vari 11 1 12
- wana‘ & Skewness: 0 Average:29.699
Unary variables 0 0 0
Binary variables 2 0 2
Category 4 1 5
variables
Numerical 2 0 2
variables
Counting 2 0 2
variables
Datetime 0 0 0
variables Median:24 Variance:13.002
The variable fills the missing value by using the yimming intelligent filling algorithm.
Variable name: SibSp. The type is Counting variables
Variables Processing Information Skewness: 0 Average:0.523
Median:0 Variance:1.103
Variable name: PassengerId. The type is ID The variable fills the missing value by using the yimming intelligent filling algorithm.

Variable name: Pclass. The type is Category variables Variable name: Parch. The type is Counting variables
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(4) TRE(EE#
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N RRERREFENRES, AlURDHDE, BEDR, HIERDEFER,
HHTETRIIEALIE,

(6) PRTSEHEWX

oL AT IEEH T EENSERTE, TEHEdummy variablef1Ei&
., HBEIEEREFIRT,



3. LI AR

(7) iR
BT FELESIEHRIRAVRR, WERSZEHITHFEMR, ERERZI0MIT, %
EBRERIR,

(8) FHEELE
RNFRB R FERNRREE, FETEIIEEE,

(9) E=imik

DI, ZIFRIESERTTRNEE, FEERERAMIREERE,



3. LI AR

(10) twifEdL/1I3—1%
SURINEW/ 13—, HIRORER. BFTHENBSSFERIENTIOKE.
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RIERERERHARE, RIREE
EERENEE, TEEREALIH

SIEFHSA, BaLIBIERESE,

[ variable filter
filterl]rpe

@ Impaortance ) Variable type

(®) Selecttop N by importance
O Selectvariables whose importance is greater than 0357

[+#] Only filter selected variables

o

Cancel

[ variable filter
Filter type
) Importance (») Variable type

Select by variable type

[+ Mumerical variable ary Variable
(/] Countvariable [#] Categoricalvariable /] ID

[#] Only filter selected variables

(/] Binary variable

oK Cancel




FZEHR. EEEHE "SibSp” 1 TERXE. FEHE "Parch” HHINBEIREMRIEE “"Family” .
o LAERIRERRE-3ANEERRS.

E Add computed variable b4 j DesaipﬁvestaﬁsﬁcsT Frequency distributions I Descriptive statistics of grouped target I Frequency distributions of grouped target ]
Computed variable name  Family Missing rate | Minimum | Maximum | Average Upper quartile Median | Lower quartile | Standard de... | Skewness
0% ] 10 0 1 0 0 1.613 2723
o ]
[ Descriptive statistics I Frequency distributions I Descriptive statistics of grouped target TF{equency distributions of grouped target
“SibSp+Parch’

Variable | Function

Variable name Variable information
Prlass N Statistical method Statistical value |
*
Mame Missing rate 0% K
Sex Minimum 0
Age Maximum B
Sibsp ﬂ Average 0
Parcn | Upper quartle 0
Ticket
s : - ——
Fare
Cabin Lower guartile 0
Embarked Standard deviation 0.806 0 2 4 [ a 10

Family r{ Skewness 2744 v

Cancel

IEINGTETEFamily it EFamily
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oL B ETEE
ERITET S,

FISEH

[Tl

DREEEUL,
17581t

RN DEEE.

LASEwe 9%,

Missing rate

Cardinality

19.865%

6

3§ Add computed variable >
Computed variable name |AgeAreal
Mormal | Advance
Ratio Variable name Age v
Time interval (_) Equi-width binning
Date time combination (_) Equi-frequency binning
Interaction @ Gustom
Transformation Enter a bin boundary Add
m NO. Bin boundaries | l Delete J
D 1 Minimum: 0.42 [;
2 8
3 18
5 60
6 Maximum: 80.0 r:
Variable information | Age | ¥
Statistical method | Statistical value ‘
Missing rate 19.865% F

W 265
W avs
MULL
W 130
|4
| 700

145

22

54

25790, 8, 18, 35, 60JLNEREER,

HEINfT4EZsEAgeArea

AJLIBRI0-8Z R DF=EFR
K, EBFEEEFXRER.

\:

b
\

——

it EAgeArea

=
XlEJI

==

BSEMPFHIX D

Pie chart | Frequency distributions of grouped target 1

Categorical variable | Sample size Positive cases size | Positive cases rate
MULL 177 52 29.379%

421 54 36 66.667%

13.0 a5 34 40%

265 358 137 38.268%

475 195 78 40%

70.0 22 & 22727%
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ERRSTITAI L RAMEGE (S X

J Mormal I Binary model I Regression model I Multiclassification model ]
* = K%nAbiE 3 |\ /] Data preparation (/] Intelligent impute
IEaEBelER!. m" :
@ Resampling Mumber of samples 5 Best number of sample combinations 3 ij

Balanced sampling ratio | 1:1 v Sample multiplier 150 iﬁ

SIRHIEE M TII TGN, AR e T

Ensemble function np.mean Maodel evaluation criterion 'J
% =
y&;&%ﬁ%fﬂo Percentage of test data Automatic vJ%

] Adjust scoring results /] Setrandom seeds 0 B

B REEANT LA EFRIRIERICE I THMER,
(BRSHFESHRBH-RIRIIAE, =

Cancel
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2. BREER
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BeeER TR FAR, —B(EEEE, UnREASHIRESEEME NSRS,

3§ Build model X

(SR ol - W i i LD L L T LD L ) L e L e V) S ) L LW L ) [ L e L B R N )

2020-02-09 10:15:20,085 - yiming_model.cp37-win_amd6&4. pyd[line:90] - DEBUG: feature importance of YiModel: {Rank_F :
are” 1.0, 'Pow0_B9_Age" 0.6549645954182951, "MI_Age" 0.43832267557855187, 'Rank_sibSp" 0.38012433562963306, "
Rank_Parch’ 0.0}

2020-02-0910:15:20,085 - interface_library.cp37-win_amd&4 pyd[line:90] - DEBUG: performance of each base model in i
Model: {XGBClassification_1" 0.8122683142100618, 'RFClassification_1" 0.7518387761106208, FMNClassification_1" 0
5, 'RidgeClassification_1% 0.757811120817817, TreeClassification_1" 0.7086201824065902, "LogicClassification_1- 0.7
406322447778758, "CNNClassification_1" 0.5, "GBDTClassification_1" 0.7994993528979111}

2020-02-09 10:15:20,085 - interface_library.cp37-win_amdG4. pyd[line:90] - INFO: Calculate predict value on test data
2020-02-09 10:15:20,132 - interface_library.cp37-win_amd6&4.pyd[line:90] - DEBUG: predict value on test data:
2020-02-0910:15:20 132 - interface_library.cp37-win_amdé4 pyd[line:90] - INFO: Calculate ensemble performance
2020-02-0910:15:20 132 - interface_library.cp37-win_amd&d pyd[line:90] - DEBLUG: ensemble performance: 0.820535
2020-02-09 10:15:20 132 - interface_library. cp37-win_amd&d pyd[line:90] - INFO: Writing out results

2020-02-0910:15:20 132 - interface_library.cp37-win_amde&4. pyd[line:20] - DEBLUG: writing out predict values

2020-02-09 10:15:20,132 - interface_library.cp37-win_amd&4.pyd[line:90] - DEBUG: writing out model

2020-02-09 10:15:20 155 - interface_library.cp37-win_amd6&4.pyd[line:90] - DEBUG: writing out feature importance
2020-02-09 10:15:20 155 - interface_library.cp37-win_amdG4. pyd[line:90] - DEBUG: writing out modeling information
2020-02-0910:15:20 155 - interface_library.cp37-win_amdéd. pyd[line:90] - INFO: Build model finished

2

A ——

E‘u’iewlng Cj Export repaort 15" Model presentation [ﬂ Model peformance ﬁ Open model directory




3. Tl

BREEE T RS, RHEBEEEENTWRAPER. TEEEEERENER:

m Model options X

J Marmal T Binary model I Regression model I Multiclassification model }

[/] Data preparation /] Intelligent impute

[+f] Resampling MNumber of samples 5 B Best number of sample combinations 3
Balanced sampling ratio l1:1 :J Sample multiplier 150 =
Ensemble method letimaI model strategy TJ Best number of ensembles 0=
Ensemble function np.mean Model evaluation criterion [ TJ
Percentage of test data lﬁ.ummatic TJ%

[+/] Adjust scoring results [+/] Setrandom seeds o iﬁ




3. Tl

++- — NP .4 Model options W
BEEEAESFEIT LM =53 :

Marmal | Binary model T Regression model I Multiclassification model ]

sEfEAY 3 L‘)\‘TL'I':" *[I]d:'“' NO. | Binaymodel | Number of sampl
-~ [~ i ry mode umber of samples | ] Select MO Parameter name Parameter value
BiERE, B LIRE ST ST 2= | |
=S L\ LN fmg 32 2 GBDTClassification 1 [+ 2 splitter
BMER N NS 1= o
3 RFClassification 1 [;_f] 3 max_depth
NS === -+ sl 4 LogicClassification 1 4 min_samples_split
ANETLLR EZIEEINSHUE P 5 |
| == = o 5  RidgeClassification 1 4] 5 min_samples_|eaf
St \% \ N i FrMClassification 1 E’] 1 i min_weight_fraction_leaf
Xj 3 = l_%) I:Il L)\: i\%;élb\m 7 ¥GBClassification 1 ] 7 max_features
8 CMMClassification 1 [;_f] 8 randaom_state
u:b\nn::l
— 'LXEO g max_leaf_nodes
10 min_impurity_decrease
11 class_weight
12 presart

(o] carea
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RMURY, BNATLUKERIFERNSZ S SREERER, LIRSENSE

54 Model options X X4 Model options X
[ Mormal I Binary model TRegression modelT Multiclassification model ] [ Mormal ]' Binary model ]' Regression model T Multiclassification model]
MNO. | Regression model |Numberofsamples| [] Select MNO. | Parameter name Parameter value MNO. | Multiclassification model |Numberofsamples| [] Select MNO. | Parameter name Parameter value |
TreeRegression XGBMultiClassification max_depth
2 GBDTRegression 1 ) 2 splitter 2 CHNMMultiClassification 1 ) 2 learning_rate
3 RFRegression 1 [] 3 max_depth 3 n_estimators
4 LRegression 1 ] 4 min_samples_split 4 booster
5 LassoRegression 1 [] 5 min_samples_leaf 5 gamma
i} ENRegression 1 [] i} min_weight_fraction_leaf i} min_child_weight
7 RidgeRegression 1 [] ” 7 max_features ” 7 may_delta_step
8 FMMRegression 1 [] g random_state 8 subsample
9 XGBRegression 1 [] 9 may_leaf_nodes 9 colsample_bytree
10 min_impurity_decrease 10 colsample_bylevel
1 presort 1 reg_alpha
12 reg_lambda
13 scale_pos_weight v
. Cancel . . Cancel .

RIGTVSEAGFEMIIRY:  http://doc.ragsoft.com.cn/AlModel/userrefer/im20.html
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IR TSR

%:Lﬁ\lg@*ETIEE{;:ETﬁ%*EﬂﬁﬁEH/‘J3/|\'I;|Zﬁ|\ 4 Model performance X

GIMI | AUC KS
4.
E m . 0.641071 0.8205835 0.516152

RS

GINI GINHEEEEUE EFTF2*AUC-1, BFFRIFMEENIIEREFEARANXSDEE.
AUC AUCHEZETFROCHZL THETR, AUCEM AR MREIEEF,

KSEERTHEREXSIERHARIEES]. KSEMX, REXSIERHAR

KS Be R,



1. FREIERI

EIRE: ROCHIZ:

ROCHIZRHIERRS "1-HRzs
=" FXRE., ROCHLZA LM
ST LA SRR T R RE R R IERE
iNEIE AT

[:§ Model performance >
GINI | AUC KS
0.641071 0.820535 0.516152

J ROC Curve | Lift | Recall T Accuracy }

1

0.e

0.6

i |

0.4

0.2

0.4

1-THR

0.6

— ROC Curve
== Random baseline

0.g

1

Close




1. FREIERI

PRIZE: IBAE

RAE (Lift) FRREERXERNET
LURFHHIEEL, REEESHESRE
EREUE.

R RS ES BT I EH

Fin=.

5§ Model performance >
GINI | AUC KS
0.641071 0.820535 0.516152

[ ROC Curve | Lift | Recall IAccuracy ]

3
27
2.4 /\
21
1.8
1.5
1.2
1
0.9
0.6

0.z

1]
1] 10 20

30

— Lift

Cumulative lift

40

a0 g0 70

Decile

=]

40 100




1. FREIERI

5§ Model performance >

*Eﬂ:u o é; 3 GINI | AUC KS
ﬁ* —_ E i 0.641071 0.820535 0.516152

[ ROC Curve | Lift | Recall IAccuracy ]

B RETMREREIEFARIER,
FENAESEASHERSR. RiT
BEEREFHATEFAYSEIER
ANELHILL(E.

0.

— —w oo

0.4

0.z

Cumulative recall
== Random baseline

1] 10 20 30 40 a0 &0 70 =] 40 100

Cecile

Close




1. FREIERI

DHRIRBY: HERER

BE: ARXDEREFERRE.
RS FUNIERRYREAN SRR A EZARY
LR,

AR TUUAESARERS, Tl
IEFRRILEER,

B [FHUIEFARIEE, TR
BIEEATREEE,

[ Model performance X
GINI | AuC Ks
0.641071 0.820535 0.516152

[ ROC Curve | Lift | Recall T Accuracy 1

Lowerlimit | 0.05 @ Upperlimit 095 @ Mumber of subsections 19 E Set

Threshold [ Accuracy | Precision [ Recall
0.08 0.425 0.401 1.0
01 0.504 0.434 0.961
0.18 0.534 0.449 0.942
0.2 0.582 0.477 0.922
0.25 0.642 0.52 0.893
0.3 0.683 0.556 0.864
0.35 0.743 0.627 0.816
0.4 0.757 0.673 0718
0.45 075 0.688 0.641
0.5 0.75 0714 0.583
0.55 0.761 0.76 0.553
0.6 0.743 0.783 0.456
0.65 075 0.891 0.398
0.7 0731 0.97 0311
0.78 0.701 0.95 0.233
0.8 0.649 1.0 0.087
0.85 0.623 1.0 0.019
0.9 0.619 1.0 0.01
0.95 0.616 0.0 0.0

Close




1. FREIERI

Z o RIRE

SLINS-—Peya s

TERf, HE%
HlE YT
BEEES DK
HORREIRTN,

X4 Model performance X 4 Model performance X
Scoring value Scoring value
GINI | AuC Ks GINI | AuC Ks
0.768624 0.884312 0.599128 0.750086 0.875043 0.586041

J ROC Curve | Lift | Recall T Accuracy ]

j ROC Curve | Lift | Recall T Accuracy ]

1

na

0.6

0.4

0.2

R —— ROC Curve
L === Random baseline
0’
i 0.z 0.4 0.6 0.8 1
1-THR

Close

1

ne

0.6

oo

0.4

0.z

0.2

0.4

1-THR

0&

—— ROC Curve
=== Random baseline

na 1

Close




1. HRESR

[o])3FREB -

EFEEINERI, DHESERIFIHAERI (WEIETRCERIEE) . ESHEEREX

BE(EF4EIRE

FCRE, M HR{EXS TRERIAIHS BN,

X-axis variable SalePrice v|

I Model performance X
Model performance evaluation type [True response values v] ‘
R2 | MSE | RMSE | GINI | MAE [ MAPE
0.905469 421953438.47... 20541.505263 0.193614 14133131367 9.026476
J Residual I Result comparison ]
End value
- 40000
" [ esoal
Startvalue
-90000 v| 45000
R
e
=3
i 0
d
u
a
|
-45000
-90000
50000 150000 250000 350000 450000
Scoring

Startvalue 50000 v| Endvalue 450000 v|
Close

4 Model performance ped
Model performance evaluation type [Transformed response values vJ ‘
R2 | MSE | RMSE | GINI | MAE MAPE
0.882433 0.015781 0125621 0.016088 0.125621 0.016088

J Residual T Result comparison ]

End value
. 0.5
05 v
Startvalue
-1 v|
R 0
a
S
i
d
u
& 05
|
-1
9 102 11.4 126

Scoting

X-axis variable SalePrice v

Startvalue 9 | Endvalue 15

o]




1. FREIERI

[O])FHREL: i fiiEtn

Model performance evaluation type [True response values ,v]

R2 | MSE | RMSE | GINI | MAE | MAPE

%ﬁg@*ﬁ*ﬁ{ﬁ? @ I}a*ﬁﬂ%% Hg 0.905469 42195343847,  20541.505263 0.193614 14133131367 9.026476

Model performance evaluation type [Transfcurmed response values | ‘l"]

6/|\i;|z1j|\j:l§1:/j_‘ R2 | MSE |  RMSE | GIN| | MAE | MAPE

0.882433 0.015781 0.125621 0.016088 0.125621 0.016088

R2 RZEFRHE SMUHERNRE F A SUEMNENIHE 2 Zr9F SR E.
MSE ES B EmERI TS FIRIFIIEL.

RMSE MSERFSIR. HERSHELEHER.

GINI THE SR LERERAIHERTFITE.

MAE HE S ELERERAITERITFITE.

MAPE ESELEREESERIEIERIFITEL.



1. 1RBUSRI
[B])IHEE: FEE

FERWRESTUIEZE. %E
ERLRE AN, LIME—$EE
EEHIEIRE. BhEEA=
{ZRMSE,

A LU R S E RS E
SCEH—EEE.

Endvalue
y 0.5
05 v
Startvalue
_1—EJ 0125
R
e
]
! -0.25
d
u
a
-0.625

-1
49

X-axis variable SalePrice T

Startvalue 9 v| Endvalue 15 v|

Endvalue

. 05
0.5 4

Start value
gs—EJ 025
R
e
]
i 0
d
u
a
-0.25
-0.8
200

340 500 650 ann

Scarin

¥-axis variable | GarageArea T

ing
Startvalue 200 v| Endvalue |800 : ‘
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1. FREIERI

[])31EEL: SERRIRRE]

HEANERE, deATTHE.

[ Residual T Result comparison

0
b 300000
S
e
ro 250000
W
a
? 200000
u]

160000
il
¢ 100000
)
£ 50000
u]
i
n D
y
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20 30 40 50

60

Mumber of samples

—— QOhbservation —— Scoring

70 a0 90 100




2. A

REUEASE T RRISHAIREIES
LIRS MERNSHIE.

B & H A LRI RIREL S 4 S
FREEINT, ALUE—S A RE

3§ Model presentation pes
Ensemble performance | 0.820535 Parameter name | Parameter value |
1 learning_rate 01 A
Model name | auc | () select f
reg_alpha 0
XGBClassification_1 0812268 /]
verbaosity 0
RidgeClassification_1 0757811 [z]
colsample_bytree 1
GBDTClassification_1 0.799499 [z]
ﬂ random_state 0
— — gamma 0
Unused models auc | [] celect reg_lambda 1
RFClassification_1 0.751838 ] 8 objective binary-logistic
FMNClassification_1 05 D nooster ghtrae
TreeClassification_1 0.708620 J v missing null v

[ Copy selected model to model options ] [ Close ]

TitaniciRBIRZ(F RS EIRE N 52

3§ Model presentation pes
Ensemble performance | 0.015780 Parameter name | Parameter value |
min_samples_leaf 50 A
Model name mse | [] select
learning_rate 01
GBDTRegression_1
mazx_leal_nodes null
= = " n_estimators 100
Unused models mse | [] select random_state 0
LassoRegression_1 0.136753 ] - min_samples_split 50
LRegression_1 0.018467 D max_depth ]
ENRegression_1 0136753 D X verbose 0 v

[ Copy selected model to model options ] [ Close J

BIMERRAZ(ERNEFHEE LS4




3. BEEE

i}

EiRZ e, AN RERINSTENEERERE. MtitanidZEURRBINEZERLIESR,
Fre (JLEMLR) MBEME (BNES) NTEEFRNEE,

Targetvariable | Survived Set °F Variablefiter  J . msigrmvﬁm
MO, | Variable name | Type | Diate format | B select | Importance

1 Age Mumerical variable V] - 1 = %Z‘R = Egr‘_ ﬁ %‘l‘ﬂj’ HEE’JXT?&}EETE Lfi
2 Fare Mumerical variable v L

3 SibSp Countvariable & 0.357 S Jom—

4 Passengerld In] © 0 2 {%% Egr‘_ =] EIJQEL'/{?&EQEEJZX;IEQE 1 guﬂg
5 Survived Binary variable © -

] Pclass Categorical variable & E *EE/H?]-I Ej - }; 1 ﬁrg*ﬁj-l Ej - %*E%E$EL*E°

7 Name Categorical variable O 0

] Sex Binary variable © D >

9 Parch Count variable ] 0 3 %%ﬂ‘ﬂ = E%}_‘_ E%-l-y—_]- EEIJXTEF @1«5\40
10 Ticket Categorical variable 8] g

11 Cabin Categorical variable © 0

12 Embarked Categorical variable & g
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1. #L=FEl

IR, ATLAERNNEE
TN,

WNF—pRER, $—FIRERE

ENIEFRRIER,

LAtitanic A, Foll62453kE=E
FRUEER932.984%,

J Batch scoring I Scoring }

Scoring data | C\Program Fileslyimminglyimming\datattitanic_test.csv

Survived_1_percentage | Passengerld | Sunvived | Pclass | Mame Sex

32.984%

33.937% 625 0 3 "Bowen, Mr. David John "Dai™ male
34.68% 626 0 1 Sutton, Mr. Frederick male
30.683% 627 0 2 Kirkland, Rev. Charles Leonard male
58.263% 628 1 1 Longley, Miss. Gretchen Fiske female
11.871% 629 0 3 Bostandyeff, Mr. Guentcho male
5.488% 630 0 3 O'Connell, Mr. Patrick D male
28.972% 631 1 1 Barkworth, Mr. Algernon Henry Wilson male
2183% 632 0 3 Lundahl, Mr. Johan Svensson male
75.61% GXK] 1 1 Stahelin-Maeglin, Dr. Max male
2658% 634 0 1 Parr, Mr. William Henry Marsh male
27.029% B35 0 3 Skoog, Miss. Mabel female
37.865% G636 1 2 Davis, Miss. Mary female
43.924% 637 0 3 Leinonen, Mr. Antti Gustaf male
65 287% 638 0 2 Caollyer, Mr. Harvey male
46.579% 639 0 3  Panula, Mrs. Juha (Maria Emilia Ojala)  female
Z1.965% G40 0 3 Thorneycroft, Mr. Percival male
34.018% G641 0 3 Jensen, Mr. Hans Peder male
T7.531% G42 1 1 Sagesser, Mlle. Emma female
31.062% 643 0 3 Skoog, Miss. Margit Elizabeth female
57.925% Gdd 1 3 Foo, Mr. Choong male




1. #L=Fa)

XJFEIFEE, F—HENE
TR ERIFTINE,

LABMNTmNa6], Fuu1461=
EER11&79120644.118,

J Batch sco.ringI Scoring ]

Scoring data  C:\Program FilesWyimmingyimming\datathouse_prices_test.csv

SalePrice_predictvalue | Id

1462
1463
1464
1465
1466
1467
1468
1469
1470
1471
1472
1473
1474
1475
1476
1477
1478
1479
1480

1481

| M55ubClass

20
60
60
120
60
20
60
20
20
120
160
160
160
120
60
20
20
20
20
60

M3Zoning

RL
RL
RL
RL
RL
RL
RL
RL
RL
RH
RM
RM
RL
RL
RL
RL
RL
RL
RL
RL

LotFrontage

a1
74
78
43
75

63
85
70
26
21
21
24
24
102
94
90
79
110
105

LotArea

14267
13830
9978
5005
10000
7980
8402
10176
2400
5858
1680
1680
2280
2280
12858
12883
11520
14122
14300
13650

Street | Alley | LotShape

Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave
Pave

Pave

IR1
IR1
IR1
IR1
IR1
IR1
IR1
Reqg
Req
IR
Reg
Reg
Reg
Reg
IR1
IR1
Reg
IR1
Reqg
Reqg




1. #L=Fa)

BirZEaEn

K%

Bi™ME/I 28918

BT, NEETRETBiRoRERNER (S2F191)
7997.402%,

TéT
e,

j Batch scoringT Scoring ]

Scoring data | C:\Program Fileslyimminglyimmingidata\Forest_Covertype.mbx

Cover_Type_1_percentage | Cover_Type_2_ percentage | Cover_Type_3_percentage

0.297%
1.875%
3.302%
0.319%
0.768%
0.699%
0.37%
0.511%
0.673%
0.421%
3.994%
2.927%
0.229%
0.318%
0.704%
1.336%
0.383%
0.234%
0.252%
0.681%
6.872%

98.152%
97.405%
94.912%
97.864%
96.389%
95.265%
96.957%
97.973%
98.115%
95.58%
95.644%
96.683%
98.33%
98.225%
94.935%
96.347%
96.798%
94.256%
96.695%
97.92%
92.693%

0.115%
0.504%
1.172%
0.091%
0.337%
0.171%
0.095%
0.107%
0.073%
0.137%
0.044%
0.178%
0.182%
0.133%
0.224%
0.1738%
0.146%
0.108%

0.12%
0.139%
0.026%

Cover_Type_4_percentage

0.015%
0.01%
0.014%
0.014%
0.034%
0.021%
0.015%
0.014%
0.013%
0.011%
0.022%
0.01%
0.011%
0.024%
0.041%
0.033%
0.027%
0.016%
0.019%
0.029%
0.018%

Cover_Type_5_percentage

1.223%
0.088%
0.146%
1.546%
2.059%
3.520%
2.385%
1.211%
0.999%
0.708%
0.222%
0.155%
1.119%
0.802%
2922%
1.74%
2.265%
5.058%
2.536%
0.718%
0.334%

Cover_Type_f_percentage

0.172%
0.011%
0.429%
0.137%
0.359%
0.176%
0.148%
0.163%
0.103%
0.124%
0.026%
0.0258%

0.11%
0.448%
1.099%
0.315%
0.329%
0.297%
0.335%
0.452%
0.021%

Cover_Type_7_percentage

0.027%
0.017%
0.025%
0.027%
0.054%
0.039%
0.029%
0.021%
0.024%
0.019%
0.047%
0.019%
0.018%

0.05%
0.074%
0.052%
0.053%

0.03%
0.043%

0.06%
0.035%

lansE—=<

1C3R,



1. #L=FEl

BEEIEEFEAE S BIRRER.

LITNEIE e S BinEe, Bl
IRETUERIEERET, T
(s,

J ROC Curve | Lift | Recall T Accuracy 1

[ Model performance X
GIMI [ AUC KS
0.740176 0.870088 0.508283

1

0.8

0.6

oo

0.4

0.2

0.4

1-THR

0.6

— ROC Curve
== Random baseline

0.a

1

Close




© 2. BT

BRRFNETHER A VSN E(E,
RIRTEAFRNEER.

LEFRBEEERFEFAFIN, BEE
RV EX T NSRS E X,

AILVEEIEIEN, RS
=S

HJo

Batch g | Scoring
Minimum val lue Survived_1_percentage Maximum value
27 87.597% 87.597%
MNO. ariable name Importance | Edit Valu
1 Age 1 T 1.0

|
170

I
310

|
49

10

Embarked

O
1 1 1 10
0 3 4 5 8
O
1 I 828
1 891
-
1 1 12
1 2 3
Q
| 1 mal
femal male
1 1 1 1 12
0 3 4 5 6
v
| | | | 1 S.CUPARI
110152 250655 347464 7598 WE/P 5735
1 1 1 1 MNULL
A10 B69 CE5 D56 MULL
O
1 1 I C
c S MULL




2. BRI

Batch scoring | Scoring ]

Xj?)%{ﬂ%ﬁ;ﬂ”*%ﬁ:u I E-L\)\E Minimum value SalePrice_predictvalue Maximum value

171638.263 172736.162 197805.694

EU%%FL Elej}A'l 960 MO.| Variablename | Imporance | Edit [ Vvalue |

~ |
ET%TEEUZOOSEH? (E-:\fm 1 vearmut ! 18|T2 19[’24 1E!I55‘u| 19|83 20‘1[]

TEREHE) , BNET
Batch scoring Scoring}

i =hn=| a:l
[I]ETIE o Minimum value SalePrice_predictvalue Maximum value

171638.263 196657 .56 197805.694
MO.| Variable name | Importance | Edit | Value |
) ©
1 YearBuilt 1 1 I I I 2005
1872 1924 1855 1883 2010
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1. EFERIMEREE

A
=file("titanic_train.csv").cursor@cqt()
=ym_env()
=ym_model(A2,A1)

£ e SR SN R T SR 2

B CEREY, AILUEIISPLIER. Z —ym_target(A3, "Survived")
SEHEAOSPL - 2 =ym_build_model(A3)
7
8

=ym save pcf(A5,"titanic.pcf")
=ym _json(A5)
=ym_importance(A5)

9 =ym _present(A5)

10 =ym performance(A5)

11 >ym close(A2)

A8

{"Importance":{"Passengerld":0,"Pcl Passengerld XGBClass... 0.815
Pclass 0.0 XGBClass... 0.777

ass":0,"Sex":0,""Age":0.433191...

FMEERILIEZE: http://c.ragsoft.com.cn/article/1568163387677

name value | properties

[[max_delt... GINI 0.617
[[max_delt... AUC 0.808

B
/B || R
/YIRS
/INBEE
[RERTE
[HATEEE
/REFEEI
/SHIERSEjsonE
R EEEE
[AREVEBEAR
[AREVEBLZRIL
/XA

A10

NEE Value


http://c.raqsoft.com.cn/article/1568163387677

= Ate OE AL ST
1. EREI/MNERE
=Fayl )y ) &0 A B
REGIZRLE (BATLAERE 1 =ym_env) SR
" 2 =ym load_pcf("titanic.pcf") /INEAREL
BE i’ﬂ‘%iﬁi‘k%%@ﬂ@ﬂ%;ﬂ) , 3 =file("titanic_test.csv").import@cqt() /INEFTNEGE
Vs . o L 4 =ym_predict(A2,A3) /HATFEN, IREIFTNZSR S
E-Ll@ﬂspl-ﬁﬁﬁ% HE@*EG’ |‘T:|‘|3 5 =ym_result(Ad) REGNEE R
NITI) — . /FRMEFEA DT 20 EFTNAT,
FEH TR, FmIA9SPL: 6 =ym_json(Ad) :ﬁg@m&ﬁmﬂémﬁ@%m
7 >ym close(A1) /K]

A5
!

Hansen,... male ... {*Model-
Performance”:“{"GINI\“:0.8369670542635659,"AUC\":
625 0 3 Bowen,... male .. 0.9184835271317829 'KS\*:0.6867732558139534 'R
626 0 1 Sutton, ... male OC-Data\“:[\"{\\\"1-
627 0 P Y p— specificity\W:W\0.0W”, Wesensitivity\":\0.0208333333

33333332\WH VW -
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HDFS

S
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2. BEISPLIERSERRINBEEE,

(S

HHEER
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